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PENERAPAN MODEL NEURO-GARCH UNTUK
PERAMALAN DATA SAHAM
(Studi Kasus pada Saham Bank Central Asa Tbk., Saham Bayan
Resour ces Thk., dan Saham Lippo Cikarang Tbk.)

ABSTRAK

Peramalan adalah kegiatan memprediksi kejadian di masa yang
akan datang. Seiring perkembangan ilmu pengetahuan dan teknologi,
peramalan semakin sering digunakan, khususnya di bidang ekonomi
seperti peramalan saham. Sebagian besar data ekonomi yang
mempunyai  sifat heteroskedastis dianalisis menggunakan model
GARCH. Metode lain yang biasa digunakan untuk meramalkan data
saham vyaitu ANN. Namun kedua metode tersebut mempunyai
kelemahan sehingga dilakukan penggabungan dari kedua metode
tersebut melalui penggunaan input ANN berdasarkan model GARCH
yang terbentuk. Tujuan dari pendlitian ini adalah mengukur tingkat
keakuratan model ANN dan Neuro-GARCH dalam meramalkan return
dan volatilitas saham berdasarkan nilai MSE yang dihasilkan dan
meramalkan nilai Capital Gain dan Value at Risk yang akan dihadapi
investor untuk satu periode ke depan. Model yang dipilih sebagai model
terbaik adalah model yang memiliki nilai MAD dan M SE terkecil. Hasil
penelitian menunjukkan bahwa model  Neuro-GARCH mampu
menghasilkan ramalan dengan MAD dan MSE yang lebih kecil
dibandingkan model ANN. Model Neuro-GARCH terbaik untuk data
return saham BCA, Bayan Resources dan Lippo Cikarang berturut-turut
adalah model Neuro-GARCH (2-5-1), (2-5-1) dan (2-10-1), sedangkan
untuk data volatilitas adalah model Neuro-GARCH (2-10-1), (2-5-1),
dan (2-5-1). Nilai Value at Risk untuk saham BCA, Bayan Resources
dan Lippo Cikarang berturut-turut adalah Rp 13.211.829,45; Rp
12.721.393,40; dan Rp 35.403.715,01, sedangkan nilai Capital Gain
adalah sebesar Rp. 16.574.585,64; Rp 13.391.812,87; dan Rp
15.384.615,38.

Kata kunci : Peramalan, Neuro-GARCH, Value at Risk, Capital Gain.
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THE APPLICATION OF NEURO-GARCH MODEL FOR
THE ESTIMATION OF STOCKSDATA
(A Case Study on The Stocks of Bank Central Asia Thk., Bayan
Resources Thk., And Cikarang Lippo Tbk.)

ABSTRACT

Estimation is an activity of predicting events in the future. Along with
the development of science and technology, estimation is increasing,
particularly in the economic field as the estimate of stocks. Most of the
economic data which has heteroskedastis properties are analyzed using
GARCH model. Another method used to predict the stocks data is
ANN. However, both methods have weaknesses, therefore the merger of
these two methods through the use of input ANN based GARCH models
are formed. The purpose of this study was to measure the accuracy of
ANN models and Neuro-GARCH in predicting returns and volatility of
stocks based on MSE value which is obtained and to predict Capital
Gain and Value a Risk value which will be faced in the minimum
period. The model which was selected as the best model is the model
which has the smallest value of MAD and M SE. The results showed that
neuro-GARCH models were able to produce prediction with smaller
MAD and M SE than ANN models. The best Neuro-GARCH models for
the BCA, Bayan Resources, and Lippo Cikarang’s stock returns data
were sequentially Neuro-GARCH models (2-5-1), (2-5-1) and (2-10-1),
while for the volatility data were Neuro-GARCH models (2-10-1), (2-5-
1) and (2-5-1). The value of Value at Risk for BCA, Bayan Resources
and Lippo Cikarang’s stock were sequentially Rp 13.211.829,45; Rp
12.721.393,40; and Rp 35.403.715,01; while the value of Capital Gainis
Rp. 16.574.585,64; Rp 13.391.812,87; and

Rp 15.384.615,38.

Keywords: Estimation, Neuro-GARCH, Value at Risk, Capital Gains.
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